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 Due to climate change, heavy rainfall in the Mid-Atlantic Region is becoming more
frequent and intense, contributing to the increase in flash flooding.

 The National Weather Service (NWS) currently forecasts flooding based on rainfall
and soil moisture which doesn’t account for watershed characteristics that could
Impact the flood responses of streams.

 There is a need for more accurate multivariable flash flood predictor models.

Key Findings

 We determine that flash flood models should be regional specific
« Urban vs regional models experience significantly different flooding behavior
 Wetland cover is a prominent predictor and buffer for flashiness for all regions
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Discussion

Flashiness is complex and difficult
to predict, especially considering how
different watershed regions vary Iin
characteristics and climate. The key finding
of our studies include that

« When grouped by 10% development, there was a
significant shift (p=0.0037) in RBFI behavior at 80%
012 _T development. Thus, our urban model contained sites
= with percent development greater than 80% (Fig 3).
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